A new algorithm for two-mode text clustering
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Today are available an enormous quantity of textual information in all fields, especially on the
Web, that has become a strategic tool in finding and collecting data. According to IDC (2007), over
95% of the digital universe is unstructured data, and 80% of all stored data of organizations is unstructured. This massive amount of documents has made it difficult for users to obtain relevant
information from them (Aliguliyev, 2009a); so, to manage information overload, it became
necessary partitioning data into more compact forms, with the aim of describe, systematize and
retrieve information (Balbi, 2012); it has been proposed various techniques, one of which is text
clustering (Aliguliyev, 2009b). Text Clustering is an unsupervised one-way method that allows to
classify large sets of documents in groups based on their attributes (Iezzi, 2012) with the aim of
reproducing the internal structure of the data (Iezzi, 2010). While one-mode partition is widely
utilized for information retrieval, very useful but still underused is the co-clustering approach (or
two way clustering) that concerns simultaneous partitioning of rows and columns. In text mining
contest, co-clustering is a very useful methodology (Balbi, 2012); the strength of this approach lies
in finding clusters of documents characterized by groups of terms (Balbi, Miele and Scepi, 2010)
with a high dimensionality reduction (Tjhi and Chen, 2006). The aim is to implement a new coclustering procedure to classify not only the terms, but also the documents on the basis of the
distinctive contents within every text; this process is planned to obtain the best clustering of
words/documents in terms of the higher level of results interpretability.
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